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Normative learning theories dictate that we should preferentially attend to
informative sources, but only up to the point that our limited learning systems
can process their content. Humans, including infants, show this predicted
strategic deployment of attention. Here, we demonstrate that rhesus monkeys,
much like humans, attend to events of moderate surprisingness over both more
and less surprising events. They do this in the absence of any specific goal or
contingent reward, indicating that the behavioural pattern is spontaneous.
We suggest this U-shaped attentional preference represents an evolutionarily
preserved strategy for guiding intelligent organisms toward material that is
maximally useful for learning.

1. Introduction
Intelligent organisms acquire knowledge through experience; however, there is
more information available than they can actually explore [1,2]. Thus, intelligent
organisms must be selective.
Adaptive theories of curiosity posit that uncertainty helps guide learners’
exploration [3–9]. Specifically, adaptive learners attend to information of intermediate uncertainty. This results in a U-shaped relationship between uncertainty and
inattention: low uncertainty events offer little to learn from and high uncertainty
events are beyond the learners’ processing capabilities [3,8,10–18]. This mechanism
has been attested in humans and may represent an elegant solution for intelligent
organisms to resolve the information overload problem.
Human infants and children preferentially maintain attention to sequential
events of intermediate surprisal values [16–19]. While this pattern has not been
observed in non-humans, monkeys can seek information for its inherent value.
Rhesus macaques’ inferotemporal cortical neurons respond more strongly to
images presented in an unexpected order [20,21]. Further, macaques’ behaviour
demonstrates they will sacrifice liquid reward in exchange for information
with no strategic benefit [22,23] and engage in directed exploration [24,25].
These data raise the possibility that strategic information-seeking patterns
may reflect an evolutionarily ancient capacity for adaptive regulation of incoming information. If so, this would demonstrate a general principle of advanced
evolved learners rather than a uniquely human skill.
Here, we employ a variation on the infant paradigm with rhesus macaques.
We test the hypothesis that adaptive regulation of information-seeking is a
cognitive skill shared with our common ancestor. Unlike most previous work
© 2022 The Authors. Published by the Royal Society under the terms of the Creative Commons Attribution
License http://creativecommons.org/licenses/by/4.0/, which permits unrestricted use, provided the original
author and source are credited.
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Figure 1. (a) Sequential visual display. The illustration shows five time-points in the sequence. At each event in the sequence, one of the three unique objects
popped up from behind one of three boxes. (b) Idealized learning model schematic. The schematic shows how the idealized learning model forms probabilistic
expectations about the expectedness of the next event in a sequence.

on curiosity in macaques, we employ a free-viewing
paradigm without rewards tied to particular responses. This
approach tests for spontaneous preference and avoids
possible learning effects. We find that macaques’ visual
attention is strikingly similar to that of human infants.

2. Methods
(a) Subjects
Five male rhesus macaques (Macaca mulatta) served as subjects.
Subjects had been trained to perform oculomotor tasks for liquid
rewards through positive-reward-only reinforcement training
using standardized methods [26] (electronic supplementary
material, appendix S2).

(b) Stimuli
Visual stimuli were coloured shapes on a computer monitor
(figure 1a). We designed the displayed stimuli to be easily captured by a simple statistical model [16,18]. Each trial featured
one of 80 possible visual-event sequences (electronic supplementary material, appendix S1). All sequences were presented
to all subjects in different randomized orders. One sequence
was presented per trial, and each was presented in the form of
a unique animated display.
Each animated display featured three identical boxes in three
distinct, randomly chosen spatial locations that remained static
throughout the sequence on the screen. Each box concealed
one unique geometric object, which was randomly selected
from a set that included four different shapes in eight colours
(e.g. a yellow triangle and a blue circle). Geometric objects
remained associated with their respective boxes throughout the
sequence and were unique within a trial, but were chosen
randomly from the set across trials [16–19].
Objects appeared from boxes on the displays according to the
sequence orders. Each event within a sequence consisted of one of
the three objects popping out from behind one of the three boxes
(750 ms), and then back into the box (750 ms) without overlap
or delay. Eighty sequences were generated to maximize the
difference of their theoretical information property, such that the
pop-up probabilities of each geometric object varied if a different
sequence was observed. For example, if a sequence starts with
and follows by another , this is an example of a very
predictable sequential event. If the same sequence starts again

with
but follows by , this would be an example of a
less predictable sequential event.

(c) Procedure
We recorded eye movements as subjects watched sequential visual
displays designed to elicit probabilistic expectations, following
methods employed in preverbal infants [16] and gaze-based experimental protocols for studying animal visual perception and
cognition [27]. Eye positions were measured with the Eyelink Toolbox and were sampled at 1000 Hz by an infrared eye-monitoring
camera system (SR Research, Osgoode, ON, Canada) [28]. A solenoid valve delivered a 53 µl water reward when each object was at
its peak (every 1.5 s), regardless of where or whether the subject
was looking. The intermittent and fully predictable reward is a
standard procedure in primate behaviour studies designed to
increase general task participation without making any particular
task events reward associated [26]. Regardless of subjects’ gaze
behaviour, each sequence was displayed in full. The rate of presentation was between 0 and 2 trials, interspersed within unrelated
trials for other studies [26,29,30].

(d) Analysis
We analysed three behavioural measures: reaction time (RT), predictive-looking, and look-away. RT measures the latency to shift
gaze to the object after it appears. This is a standard measure to
detect agents’ expectations. Predictive-looking 1 is a binary variable
that indicates whether the subject was already looking at the current object when it first became active but before the object
actually popped up. Look-away 2 is the first point in the trial
when the macaque looked off-screen for 0.75 s (50% of the total
pop-up event duration) [16–18]. We analysed these three behavioural measures as a function of the surprisal value of each event
in the sequence, which is the negative log probability of the
event’s occurrence, according to unigram and transitional (or
bigram) Markov Dirichlet-multinomial (ideal observer) models
(following the analysis methods of [16–18]). The unigram
model treats each event as statistically independent, while the
transitional model assumes event order dependence and tracks
the conditional probability on the immediately preceding event
(electronic supplementary material, appendix S3). The models
begin with an uninformative prior corresponding to the implicit
beliefs a learner possesses before making any observations. Once
the sequence presentation begins, the model estimates the surprisal value of the current event at each item in the sequence.
It combines the simple prior with the learner’s previous
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Figure 2. (a) RT (ms) as a function of unigram surprisal. (i) Subjects’ RT to fixate the active object ( y-axis) as a function of unigram surprisal (x-axis). The points
and error bars show raw data binned to three group means of three evenly spaced intervals according to surprisal values. The smooth curve shows the fit of a GAM
with standard errors. Vertical tick marks show values of surprisal attained in the experiment. (ii) RT ( y-axis) and unigram surprisal (x-axis), while controlling for all
factors. (b) Look-away probability as a function of unigram surprisal. (i) Subjects’ probability of looking away ( y-axis) as a function of unigram surprisal (x-axis). The
smooth curve shows the fit of a GAM with 95% confidence interval. (ii) The relationship between look-away probability (y-axis) and unigram surprisal (x-axis), while
controlling for all covariate factors.

observations from the sequence in order to form a posterior or
updated belief. The next object pop-up event then conveys the
surprisal value according to the probabilistic expectations
of the updated belief (figure 1b). We evaluated the statistical
significance of variables using mixed effect linear and logistic
regressions with random intercepts. The raw regression models
include standardized linear and quadratic surprisal terms
as predictors. The controlled regression models include covariate
factors, such as whether an object is a repeat, distance between
the current and previous pop-up object, trial number. A generalized additive model (GAM) was used to visualize the
relationship between the surprisal estimate from the computational model and the behavioural data [31] (electronic
supplementary material, appendix S3).

3. Results
(a) Quicker deployment of gaze for events of
intermediate surprisal
The unigram GAM analysis shows that the relationship
between RTs and subjects’ expectations about stimulus predictability is U-shaped, with subjects exhibiting the fastest RTs
for intermediately predictable stimuli (figure 2a(i)). We fitted
the model with a log-transformed RT variable to ensure
assumptions of linear mixed effect regression are fulfilled.
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The raw regression reveals both a significant linear term
(β = −4.48, t = –5.58, p = 2.48 × 10−8) and a significant quadratic term (β = 5.43, t = 6.77, p = 1.42 × 10−11). The U-shape
relationship holds when other variables are controlled in
the GAM, as well as revealed by the significant quadratic
term (β = 2.40, t = 2.55, p = 0.011) in the controlled regression
(figure 2a(ii)). The significance of the quadratic term likely
corresponds to a genuine U over the range of surprisal,
especially in light of the fact that the significance holds even
in the controlled GAM. In the GAM analysis for the transitional
surprisal measures, it shows a shallower U-shape, with both
linear trend (β = −2.54, t = −3.18, p = 0.001) and quadratic
trend (β = 2.57, t = 3.21, p = 0.001) being significant in the raw
model. Once all predictors are included, the curve becomes
mostly flat. This shows that the unigram model is more
robust than the transitional model to capture the relationship
between subjects’ RTs and the surprisingness of stimuli.
Our results also show that all five subjects exhibit similar preference for stimuli of intermediate surprisal, suggesting that
the U-shape relationship holds within rhesus macaques and
is not due to subject average (electronic supplementary
material, appendix S7). This consistent pattern observed in
each macaque subject was also found within individual
human infants who reserve attention for events that are moderately predictable [19] (electronic supplementary material,
appendix S5 and S6).

(b) Predictive looks towards unshown items

Estimated by the unigram GAM analysis, subjects were more
likely to terminate attention to highly predictable events
and also highly unexpected events (figure 2b(i)). In the
raw regression, both the linear term (β = −34.66, z = −15.00, p <
2 × 10−16) and the quadratic term (β = 29.01, z = 11.68, p < 2 ×
10−16) are statistically significant. The controlled logistic
regression revealed statistically significant linear (β = −16.12,
z = −4.73, p = 2.30 × 10−6) and quadratic terms (β = 6.38, z =
2.02, p = 0.04). Results from the transitional model show
that there is a U-shaped relationship in the raw model and
model fits, with the quadratic trend being statistically significant
(β = 14.49, z = 6.72, p = 1.78 × 10−11). However, this pattern
disappears when other variables are controlled (electronic
supplementary material, appendix S5 and S6).

4. Discussion
Humans do not indiscriminately absorb any information they
encounter. Instead, we preferentially seek out information
that is maximally useful [1,2,8,32]. This regulated information-gathering strategy favours moderately surprising
events, resulting in an inverse-U-shaped pattern between
event surprisal and engagement. Here we show that this pattern, previously only observed in humans [16–19], is also
observed in rhesus macaques, a primate species that diverged
from humans roughly 25 million years ago.
The presence of this pattern in macaques suggests that the
capacity to adaptively seek useful information is not uniquely
human, but instead reflects long-standing evolutionary pressures present since at least the time of our last common
ancestor. This is important because a good deal of theorizing
highlights the uniqueness of human curiosity, with the implication that curiosity is a factor that has driven human
divergence [33]. Our results, then, suggest an alternative
hypothesis that humans and animals share a broad suite of
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(c) Preferential gaze towards events of intermediate
surprisal
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Subjects are more likely to predictively look at objects on
their first appearance when the pop-up events are estimated
to be more likely, according to the model. The GAM
plot shows a decreasing trend between the probability
of predictive-looking and the surprisal value (electronic
supplementary material, appendix S2). The pattern is supported
by the statistically significant linear surprisal terms in both unigram raw regression (β = −13.53, z = −3.02, p = 0.003) and the
bigram raw regression (β = −12.85, z = −2.74, p = 0.006). This
decreasing linear trend also holds in controlled models with
linear terms being significant in unigram (β = −12.68, z = −2.3,
p = 0.02) and transitional (β = −10.12, z = −1.98, p = 0.048)
models. These results show that subjects might be curious
about unknown information and spontaneously track the
incoming statistics, expecting that there is some change that
will occur and, if it does, it will be informative. They also suggest
that as it is increasingly unlikely to see unopened boxes ever
open, macaques are less likely to allocate their attentional
resources towards monitoring unopened boxes. It is further evidence that macaques’ information-seeking is moderated by their
expectation in the absence of overt rewards (electronic supplementary material, appendix S5 and S6).

cognitive adaptations. We suggest that these kinds of cognitive
adaptations can flexibly adapt a primate’s probabilistic beliefs
to changing environmental statistics in order to implicitly
guide learning in a broad range of domains, from learning
about objects [34] to the social world [35,36]. Monkeys differed
from humans in that unigram statistics were more robust predictors of monkey learners’ behaviours than the transitional
statistics to sequential stimuli [16,17]. While it may be tempting
to wonder whether this reflects a species-level difference, this
conclusion is premature and unlikely for several reasons.
First, the macaques we tested had substantial experiences
with tasks for which tracking unigram statistics was more relevant (e.g. k-arm bandit tasks) [22,25,28,30]. Second, previous
work has demonstrated that macaques possess sensitivity to
transitional statistics in other tasks [20,21,37–39]. Thus, further
work with a macaque population with more similar experiences to the human infants would be required to draw strong
conclusions about cross-species differences in unigram versus
transitional statistical sensitivities.
Letting uncertainty guide attention is a broadly useful
organizing principle for learning, including information relevant to avoiding predation and generating social
expectations including those relating to mating. We suspect
that this is likely a feature of intelligent organisms in general
since its utility is not limited to especially social species.
Though we have presented evidence that uncertainty drives
attention in both humans and macaques, we note that uncertainty is not the only driver of attention. Perceptual salience
(e.g. contrast, movement, colour saturation, visual complexity),
social relevance (e.g. faces) and social pressures (e.g. dominance hierarchies, social familiarity) also guide attention [40–
42]. Further work will be needed to determine to what
degree each of these pertinent attentional drivers relatively
influences attention across species, and how species-specific
needs and pressures might influence their relative importance.

Endnotes
1

References
1.

2.

4.

5.

6.

7.

8.

9.

10.

11.

12.
13.

14.

15.
16.

17. Kidd C, Piantadosi ST, Aslin RN. 2014 The Goldilocks
effect in infant auditory attention. Child Dev. 85,
1795–1804. (doi:10.1111/cdev.12263)
18. Cubit LS, Canale R, Handsman R, Kidd C, Bennetto
L. 2021 Visual attention preference for intermediate
predictability in young children. Child Dev. 92,
691–703. (doi:10.1111/cdev.13536)
19. Piantadosi ST, Kidd C, Aslin R. 2014 Rich analysis
and rational models: inferring individual behavior
from infant looking data. Dev. Sci. 17, 321–337.
(doi:10.1111/desc.12083)
20. Meyer T, Olson CR. 2011 Statistical learning of visual
transitions in monkey inferotemporal cortex. Proc.
Natl Acad. Sci. USA 108, 19 401–19 406. (doi:10.
1073/pnas.1112895108)
21. Ramachandran S, Meyer T, Olson CR. 2017
Prediction suppression and surprise enhancement in
monkey inferotemporal cortex. J. Neurophysiol. 118,
374–382. (doi:10.1152/jn.00136.2017)
22. Blanchard TC, Hayden BY, Bromberg-Martin ES.
2015 Orbitofrontal cortex uses distinct codes for
different choice attributes in decisions motivated by
curiosity. Neuron 85, 602–614. (doi:10.1016/j.
neuron.2014.12.050)
23. Wang MZ, Hayden BY. 2019 Monkeys are curious
about counterfactual outcomes. Cognition 189,
1–10. (doi:10.1016/j.cognition.2019.03.009)
24. Ebitz RB, Tu JC, Hayden BY. 2020 Rules warp feature
encoding in decision-making circuits. PLoS Biol. 18,
e3000951. (doi:10.1371/journal.pbio.3000951)
25. Pearson JM, Hayden BY, Raghavachari S, Platt ML.
2009 Neurons in posterior cingulate cortex signal
exploratory decisions in a dynamic multi option
choice task. Curr. Biol. 19, 1532–1537. (doi:10.
1016/j.cub.2009.07.048)
26. Azab H, Hayden BY. 2018 Correlates of economic
decisions in the dorsal and subgenual anterior
cingulate cortices. Europ. J. Neurosci. 47, 979–993.
(doi:10.1111/ejn.13865)
27. Winters S, Dubuc C, Higham JP. 2015 Perspectives:
the looking time experimental paradigm in studies
of animal visual perception and cognition. Ethology
121, 625–640. (doi:10.1111/eth.12378)
28. Cornelissen FW, Peters EM, Palmer J. 2002 The
Eyelink Toolbox: eye tracking with MATLAB and the
psychophysics toolbox. Behav. Res. Methods
Instruments Comput. 34, 613–617. (doi:10.3758/
BF03195489)
29. Strait CE, Sleezer BJ, Hayden BY. 2015 Signatures of value
comparison in ventral striatum neurons. PLoS Biol. 13,
e100217310. (doi:10.1371/journal.pbio.1002173)
30. Blanchard TC, Wolfe LS, Vlaev I, Winston JS, Hayden
BY. 2014 Biases in preferences for sequences of

31.
32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

outcomes in monkeys. Cognition 130, 289–299.
(doi:10.1016/j.cognition.2013.11.012)
Hastie TJ, Tibshirani RJ. 1990 Generalized additive
models. London, UK: Chapman and Hall.
Cervera RL, Wang MZ, Hayden B. 2020 Curiosity
from the perspective of systems neuroscience. (doi:10.31234/osf.io/znrbf )
Berlyne DE. 1957 Conflict and information-theory
variables as determinants of human perceptual
curiosity. J. Exp. Psychol. 53, 399. (doi:10.1037/
h0049194)
Stahl AE, Feigenson L. 2015 Observing the unexpected
enhances infants’ learning and exploration. Science
348, 91–94. (doi:10.1126/science.aaa3799)
Krupenye C, Kano F, Hirata S, Call J, Tomasello M.
2016 Great apes anticipate that other individuals
will act according to false beliefs. Science 354,
110–114. (doi:10.1126/science.aaf8110)
Kano F, Krupenye C, Hirata S, Tomonaga M, Call J.
2019 Great apes use self-experience to anticipate an
agent’s action in a false-belief test. Proc. Natl Acad.
Sci. USA 116, 20 904–20 –909. (doi:10.1073/pnas.
1910095116)
Meyer T, Ramachandran S, Olson CR. 2014
Statistical learning of serial visual transitions by
neurons in monkey inferotemporal cortex.
J. Neurosci. 34, 9332–9337. (doi:10.1523/
JNEUROSCI.1215-14.2014)
Kaliukhovich DA, Vogels R. 2014 Neurons in
macaque inferior temporal cortex show no surprise
response to deviants in visual oddball sequences.
J. Neurosci. 34, 12 801–12 815. (doi:10.1523/
JNEUROSCI.2154-14.2014)
Kaposvari P, Kumar S, Vogels R. 2018 Statistical
learning signals in macaque inferior temporal
cortex. Cereb. Cortex 28, 250–266. (doi:10.1093/
cercor/bhw374)
Mielke A, Crockford C, Wittig RM. 2020
Predictability and variability of association patterns
in sooty mangabeys. Behav. Ecol. Sociobiol. 74,
1–13. (doi:10.1007/s00265-020-2829-y)
Wilson DA, Tomonaga M. 2018 Visual discrimination
of primate species based on faces in chimpanzees.
Primates 59, 243–251. (doi:10.1007/s10329-0180649-8)
Paz-y-Miño CG, Bond AB, Kamil AC, Balda RP. 2004
Pinyon jays use transitive inference to predict social
dominance. Nature 430, 778–781. (doi:10.1038/
nature02723)
Percie du Sert N et al. 2020 The ARRIVE guidelines
2.0: updated guidelines for reporting animal
research. J. Cereb. Blood Flow Metab. 40,
1769–1777. (doi:10.1177/0271678X20943823)

Biol. Lett. 18: 20220144

3.

Oudeyer PY, Smith LB. 2016 How evolution may work
through curiosity-driven developmental process. Topics
Cogn. Sci. 8, 492–502. (doi:10.1111/tops.12196)
Wang MZ, Hayden BY. 2020 Latent learning,
cognitive maps, and curiosity. Curr. Opin. Behav. Sci.
38, 1–7. (doi:10.1016/j.cobeha.2020.06.003)
Berlyne DE. 1960 Conflict, arousal, and curiosity.
New York, NY: McGraw-Hill.
Loewenstein G. 1994 The psychology of curiosity: a
review and reinterpretation. Psychol. Bullet. 116, 75.
(doi:10.1037/0033-2909.116.1.75)
Schulz LE, Bonawitz EB. 2007 Serious fun:
preschoolers engage in more exploratory play when
evidence is confounded. Dev. Psychol. 43, 1045.
(doi:10.1037/0012-1649.43.4.1045)
Kang MJ, Hsu M, Krajbich IM, Loewenstein G,
McClure SM, Wang J, Camerer CF. 2009 The wick
in the candle of learning: epistemic curiosity
activates reward circuitry and enhances memory.
Psychol. Sci. 20, 963–973. (doi:10.1111/j.14679280.2009.02402.x)
Bonawitz EB, van Schijndel TJ, Friel D, Schulz L. 2012
Children balance theories and evidence in exploration,
explanation, and learning. Cognit. Psychol. 64,
215–234. (doi:10.1016/j.cogpsych.2011.12.002)
Kidd C, Hayden BY. 2015 The psychology and
neuroscience of curiosity. Neuron 88, 449–460.
(doi:10.1016/j.neuron.2015.09.010)
Dubey R, Griffiths TL. 2020 Reconciling novelty and
complexity through a rational analysis of curiosity.
Psychol. Rev. 127, 455. (doi:10.1037/rev0000175)
Dember WN, Earl RW. 1957 Analysis of exploratory,
manipulatory, and curiosity behaviors. Psychol. Rev.
64, 91. (doi:10.1037/h0046861)
Fantz RL. 1964 Visual experience in infants:
decreased attention to familiar patterns relative to
novel ones. Science 146, 668–670. (doi:10.1126/
science.146.3644.668)
Piaget J. 1970 Structuralism. New York, NY:
Harper & Row.
Kinney DK, Kagan J. 1976 Infant attention to
auditory discrepancy. Child Dev. 47, 155–164.
(doi:10.2307/1128294)
Hunter MA, Ames EW. 1988 A multifactor model of
infant preferences for novel and familiar stimuli.
Adv. Infancy Res. 5, 69–95.
Aslin RN. 2007 What’s in a look? Dev. Sci. 10,
48–53. (doi:10.1111/j.1467-7687.2007.00563.x)
Kidd C, Piantadosi ST, Aslin RN. 2012 The Goldilocks
effect: human infants allocate attention to visual
sequences that are neither too simple nor too
complex. PLoS ONE 7, e36399. (doi:10.1371/journal.
pone.0036399)

5

royalsocietypublishing.org/journal/rsbl

In this paradigm, the events occurred temporally predictable
(every 1500 ms), with no breaks between. Thus, these predictive
looks differ from those elicited in most predictive-looking paradigms,

where delays between events specifically encourage predictive
looking.
2
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in which infants could terminate the displays with their inattention.

